
 
 

The Architectonic Gap: Assessing 
Generative AI Filmmaking Challenges in 
Veo 3.1 Against the Cinematic Lexicon 
 

 

Introduction and Scope of Analysis 
 

The advent of large video generation models, exemplified by Google’s Veo 3.1, marks a 
significant inflection point in content creation, moving generative artificial intelligence (AI) 
from static image synthesis to dynamic, temporally coherent video. While Veo 3.1 offers 
substantial advancements in prompt adherence, visual fidelity, and native audio generation, its 
performance must be critically measured against the established, rigorous standards of the 
cinematic lexicon. Professional filmmaking relies on an elaborate grammar encompassing 
technical execution, spatial geometry control, and psychological manipulation through editing 
[1]. 

This expert-level report conducts a detailed diagnostic analysis of Veo 3.1’s current 
capabilities and identifies specific architectural limitations that impede its ability to 
consistently and deterministically replicate 20 foundational cinematic concepts. The analysis 
establishes that current generative models excel at generating high-fidelity single-shot 
aesthetics but fundamentally struggle with global, deterministic control necessary for 
professional narrative continuity and quantitative parameter specification. The core 
challenges lie in overcoming issues related to temporal fragmentation, the absence of explicit 
3D kinematic control, and the AI's resistance to generating scenes requiring intentional 
aesthetic or narrative neutrality. 

 

I. Foundational Constraints: Temporal and Narrative 
Coherence (The Multi-Shot Problem) 
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The most significant barrier to using Veo 3.1 for professional, feature-length narrative is its 
intrinsic limitation in generating lengthy, cohesive sequences. The model’s architecture 
operates primarily in short bursts, which fractures the visual and narrative continuity required 
by complex cinematic techniques. 

 

A. The Auteur Problem: Replicating Consistent Stylistic Signature 
(Concept 2: Auteur Theory) 
 

Auteur Theory posits that a director’s filmography is unified by a distinct, consistent 
worldview, characterized by recurring themes and stylistic signatures that transcend 
individual scenes or genres [1]. For a generative model, achieving this "authorial brand 
identity" necessitates perfect macro-consistency across numerous generated clips. 

The technical constraints of Veo 3.1 currently limit clips to a short duration, typically between 
5 and 8 seconds [2]. Producing a longer narrative therefore requires chaining these short clips 
together using the 'Extend' feature [3, 4]. This process demands detailed, descriptive 
prompting and the consistent use of reference images to enforce character likeness and 
stylistic elements across separate generations [2, 5, 6]. 

The underlying issue is that Veo 3.1 operates as a series of decoupled generation events, 
rather than maintaining a persistent, overarching latent universe for the project. When the 
model generates a new clip—even one based on the final frame of the previous clip—it must 
sample the noise and diffusion process again. This causes the visual latent space to diverge 
slightly with each subsequent prompt or extension [7]. The Auteur's style, which relies on 
macro-consistency (specific color palettes, recurring motifs, and techniques) [1], is not 
treated as a fixed variable within Veo 3.1’s architecture. This architectural limitation results in 
visual inconsistency and narrative fragmentation across shots [8]. Without a mechanism to 
sustain a persistent style token across the entire generation lifecycle, the authorial signature 
must be repeatedly and imperfectly enforced through fragile prompt engineering and 
reference injection, as demonstrated by attempts that resulted in complete style shifts (e.g., 
from Hayao Miyazaki anime to 3D rendering) [7]. 

 

B. The Choreography Crisis: Actor Blocking and Spatial Dynamics 
(Concept 3: Actor Blocking) 
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Actor blocking is the precise staging and movement of actors within the frame, serving as a 
crucial directorial tool to externalize narrative dynamics, character relationships, and shifts in 
power [1]. Replicating this requires a robust understanding of 3D spatial geometry and 
predictable character trajectory. 

Complex, meaningful blocking—such as that used in Citizen Kane where background 
placement signifies a character's loss of power [1]—demands that the AI understand not just 
where an actor is, but why they are placed there in relation to other objects and characters. 
While Veo 3.1 has been demonstrated to possess emergent object permanence—the ability to 
maintain a consistent representation of an object across frames using spatial and temporal 
attention [9]—this capability is primarily confined to the duration of a short clip. 

The challenge lies in the lack of predictive 3D pathing required for complex choreography. A 
director must be able to command specific, non-randomized, and symbolically charged actor 
movements relative to props and other actors across a scene's geography. Current models 
offer high-level descriptive commands, but the precise management of complex spatial 
relationships remains stochastic. The resulting output may depict actors moving, but it 
struggles to execute the intentional choreography that visually charts a character's tragic or 
triumphant trajectory, leaving the precise, meaningful placement subject to model 
randomization rather than deterministic directorial command [8]. 

 

C. Continuity Fracturing: 180-Degree Rule, Shot/Reverse Shot, and 
Cross-Cutting (Concepts 14, 15, 19) 
 

The grammar of classical continuity editing is built upon rules designed to prevent audience 
disorientation in space and time. Failure to implement these rules—specifically the 
180-Degree Rule, which maintains the axis of action [10, 11], and the 30-Degree Rule, which 
prevents jump cuts [11]—results in amateurish visual output. 

The common dialogue pattern, Shot/Reverse Shot (Concept 15), is entirely dependent on 
adhering to the 180-Degree Rule and utilizing accurate eyeline matches to maintain spatial 
coherence [11]. Similarly, Cross-Cutting (Concept 19), which alternates between two or more 
simultaneous narrative threads to build suspense or draw thematic parallels [1], requires tight 
spatial and temporal alignment across disparate locations. 

Veo 3.1’s inability to consistently enforce these rules stems from its core function of 
processing prompts independently, without a robust, multi-shot spatial memory. Continuity 
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rules require the AI to maintain a memory of the previous shot’s camera position and the 
actor’s spatial coordinates relative to a fixed 3D axis [11]. Although new frameworks are 
emerging to address this gap through cinematic reference designs [12], base video 
generation often "resets" the scene context boundary when generating a reverse shot [8]. 
This reset causes the AI to randomly reposition the imaginary axis, frequently flipping the 
screen direction (crossing the line) and requiring significant manual correction [10]. This 
failure in visual continuity and cinematic rhythm prevents the creation of professional-grade, 
engaging narratives from AI-generated sequences [12, 13]. 

 

D. Bridging the Divide: Match Cuts (Concept 17) 
 

Match cuts are elegant editing transitions that connect two different shots by matching an 
element of composition, action, or sound to create a strong visual or metaphorical link [1]. 
This technique is essential for condensing time or creating profound thematic comparisons. 

Veo 3.1 exhibits a bifurcated capability in this area. Through its "Frames to Video" feature, 
creators can define the first and last frames, allowing the model to generate the coherent 
transitions and in-between motion required for fluid continuity and seamless movement [3, 5]. 
This demonstrates a strong capability for Match on Action. 

However, the creation of a powerful Graphic Match—a visual connection based on abstract 
similarity in shape or composition—remains extremely challenging. To replicate the 
bone-to-spaceship transition in 2001: A Space Odyssey [1], the AI must be able to 
conceptually align two fundamentally different objects (a primitive tool and an advanced 
orbital satellite) based on shared abstract shape and trajectory, while simultaneously 
embedding millions of years of evolutionary metaphor. Veo 3.1's reference features are 
effective for local, immediate continuity [5]. Yet, commanding the AI to find a meaningful 
visual counterpart that carries high-level metaphorical synthesis pushes beyond the model’s 
current prompt-to-pixels mapping and requires a level of conceptual juxtaposition that is 
currently only executable through human directorial intent. 

 

II. The Limits of Latent Space: Scene Geometry and 
Composition (The 3D Parameter Problem) 
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Many advanced cinematic techniques are dependent upon a precise manipulation of 3D 
spatial relationships and optical phenomena. Current generative models, including Veo 3.1, 
primarily rely on descriptive text prompts, which struggle to map accurately onto the 
quantitative physical parameters required for deterministic control. 

 

A. Mise-en-Scène: Orchestration vs. Emergence (Concept 1: 
Mise-en-Scène) 
 

Mise-en-scène is the comprehensive orchestration of all visual elements within the 
frame—set design, props, costume, lighting, and composition [1]. The power of this concept 
lies in the fact that these five components do not exist in isolation but form a "unified field," 
where every choice is causally linked to the others, enhancing the film's themes [1]. 

While Veo 3.1 supports reference inputs and its companion tool, Flow, allows users to insert or 
remove elements and adjust lighting post-generation [3, 5], this functionality highlights the 
underlying architectural gap. The model tends to treat the components of mise-en-scène as 
independent, descriptive tokens rather than a hierarchically controlled, unified field. For 
instance, a director like Wes Anderson uses symmetry and specific set dressing not merely for 
aesthetics, but to enhance recurring themes of dysfunction and constructed identity [1]. If a 
user prompts Veo 3.1 for this aesthetic, the AI may deliver the composition and style, but the 
generated props and set dressing may lack the precise, curated symbolic function required 
for the narrative subtext. The need for manual intervention using Flow’s editing tools to insert 
or remove elements [3] proves that the initial generation failed to achieve the desired unified 
symbolic intent, forcing the human creator to manually orchestrate the deeper meaning that 
should have been latent in the original generation process. 

 

B. Quantitative Control over Depth of Field: Deep Focus vs. Shallow 
Focus (Concepts 8, 9) 
 

Both Deep Focus (simultaneous sharp focus across all planes) and Shallow Focus (selective 
focus, often resulting in pleasing bokeh) are defined by the physics of optics, specifically the 
camera’s aperture (f-stop), focal length, and the resulting depth of field [1, 14]. 

Deep Focus, famously used in Citizen Kane [1], demands a specific combination of technical 
factors: a wide-angle lens, a very small aperture, and a tremendous amount of light [1, 14]. Its 
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narrative power lies in compelling the audience to actively scan the frame and draw 
connections between layers of action—such as the foreground contract signing and the 
innocent child in the deep background [1, 15]. Shallow focus achieves the inverse 
psychological effect, isolating a subject to emphasize emotional states or intimacy [1]. 

The current limitation is the absence of explicit f-stop or aperture control in Veo 3.1. General 
descriptive prompts can request "Deep Focus" or "Shallow Focus," but the execution is 
reduced to a stochastic stylistic rendering based on the model’s training data rather than a 
quantitative optical simulation. Because the underlying generation process is not governed 
by a real-world depth-of-field function tied to numerical parameters [16], the user cannot 
guarantee or tune the focus to maintain sharp clarity across extreme foreground and 
background distances. This limitation hinders the use of these focus techniques for 
high-stakes narrative staging, where deterministic precision is paramount. 

 

C. Compositional Intent: Rule of Thirds and Leading Lines (Concepts 4, 
5) 
 

Compositional rules like the Rule of Thirds (Concept 4) and Leading Lines (Concept 5) are 
essential tools for guiding the viewer’s eye and creating narrative subtext. The Rule of Thirds 
uses off-center placement to create dynamism and can imply isolation, vulnerability, or even 
foreshadowing—such as the placement of Fredo beneath the horizon line in The Godfather 
Part II [1]. Leading Lines, like the long, converging hallways in The Shining [1], create a 
psychological sense of depth, tension, or architectural dread. 

While Veo 3.1 can aesthetically imitate these compositions, it struggles with the nuanced 
narrative use of negative space and implicit foreshadowing. To replicate the effect 
observed in The Godfather, the model must understand the causal relationship between the 
compositional decision and the future narrative event. Similarly, enforcing the oppressive, 
claustrophobic atmosphere of The Shining requires the model to enforce a strict, geometric 
one-point perspective across the entire spatial geometry of the generated scene [1]. 
Prompting for these effects typically yields aesthetically pleasing results, but the AI cannot 
guarantee the precise geometric integrity or the abstract narrative irony required by these 
concepts without explicit scene graph or geometric constraints. 

 

III. Deficiencies in Quantitative Parameterization: 
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Camera and Lighting (The Simulation Gap) 
 

Professional filmmaking demands engineering-level command over lighting and camera 
movement. Veo 3.1’s reliance on descriptive prompting instead of technical input creates a 
simulation gap, preventing deterministic, reproducible results for highly technical concepts. 

 

A. Illumination Logic: Three-Point Lighting and Contrast Ratios 
(Concepts 6, 7) 
 

Lighting is defined by the technical control over the intensity and placement of light sources 
(Key, Fill, Back) to achieve a defined contrast ratio, which dictates the mood (High-Key for low 
contrast, Low-Key for high contrast) [1]. Three-Point Lighting (Concept 6) is the standard 
method for achieving depth and dimension by controlling shadows [1]. 

Veo 3.1 has implemented "Cinematic presets & lighting controls" [5], which are likely based on 
descriptive tokens (e.g., "soft lighting," "HDR lighting") [8]. However, professional lighting, as 
seen in Casablanca [1], is meticulously sculpted using a modified three-point system to 
visually represent complex character ambiguity (e.g., Rick Blaine being half-lit). This sculpting 
is defined by controlling the exact contrast ratio between the Key light and the Fill light [1, 
17]. 

The model provides learned lighting aesthetics but lacks the quantitative ratio control 
necessary for professional execution. A user can request a "Film Noir style," which may result 
in a low-key aesthetic, but they cannot input the specific photometric data (e.g., a 4:1 lighting 
ratio) that defines the precise look and reproduceability of the image. Without explicit control 
over the relative intensity of light sources, the generative AI is incapable of guaranteeing a 
precise, measurable cinematic mood based on industry-standard lighting ratios. 

 

B. The Impossible Shot: Replicating the Dolly Zoom (Concept 10) 
 

The Dolly Zoom, or Vertigo Effect, is an extraordinarily complex, in-camera effect that 
externalizes psychological trauma or intense realization [1, 18]. Technically, it is achieved by 
synchronizing two inverse physical movements: physically moving the camera toward or away 
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from the subject on a dolly while simultaneously adjusting the zoom lens in the opposite 
direction [1, 18]. This maintains the subject size while dramatically warping the background 
perspective. 

This effect exposes Veo 3.1’s limitation as a latent space generator versus a 3D kinematic 
simulator. While text prompting can describe the visual result (e.g., "background stretches 
behind a shocked man"), the diffusion model lacks the internal kinematic control model to 
execute these synchronized, inverse 3D vectors with physical accuracy [16]. Generating a 
successful Dolly Zoom relies on controlling focal length and camera movement vectors 
deterministically [16, 19]. This challenge signifies that Veo 3.1’s architecture, while adept at 
interpolating visual change, does not yet process camera movements as real-world, 
measurable 3D vectors, rendering the professional execution of this iconic cinematic 
technique nondeterministic. 

 

C. Camera Language vs. Camera Command: Angles and Shot Sizes 
(Concepts 12, 13) 
 

Camera angles (High, Low, Dutch) and Shot Sizes (ECU to ELS) are the bedrock of visual 
communication, determining psychological tone and proximity [1]. A Low Angle conveys 
dominance; a High Angle suggests vulnerability [1]. The progression of Shot Sizes, as 
famously utilized in the duel sequence of The Good, the Bad and the Ugly [1], dictates the 
escalation of tension from epic scale (ELS) to intimate psychology (ECU). 

The generative AI can deliver the emotional intent of a camera angle (e.g., "menacing low 
angle"), but it often struggles to guarantee the precise geometric scale required by specific 
shot sizes due to inconsistent parameter mapping. Shot sizes, such as the Extreme Close-Up 
(ECU), which isolates a single detail for maximum intensity [1], are technically defined by the 
camera's physical distance (extrinsic parameter) and focal length (intrinsic parameter) [16]. 
The lack of fine-tuned control over these extrinsic parameters means that prompting for an 
"Extreme Close-Up" may result in a shot closer to a standard Close-Up, undermining the 
intended psychological intensity. The model may shift the camera position or focal length 
arbitrarily to achieve the visual look of an ECU based on training data, rather than strictly 
adhering to the technical definition required for precise cinematic storytelling. 

 

IV. The Editing and Sound Abstraction Gap (The 
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Intentionality Problem) 
 

Certain cinematic concepts rely less on the visual fidelity of individual shots and more on the 
intellectual or psychological manipulation achieved through deliberate, human-directed 
editing choices. These concepts pose unique challenges because the AI’s core training 
optimizes for visual coherence, which is often antithetical to the required effect. 

 

A. Meaning in Juxtaposition: The Kuleshov Effect (Concept 16) 
 

The Kuleshov Effect is a foundational principle of Soviet montage theory, demonstrating that 
viewers derive more meaning from the juxtaposition of two shots than from either shot in 
isolation [1, 20, 21]. This requires a neutral facial expression followed by a contextually 
charged shot (soup, coffin, etc.), where the meaning is created entirely in the viewer’s mind by 
the edit [1]. 

Veo 3.1 is intrinsically resistant to generating the necessary semantic neutrality required for 
this effect. The model is trained on vast datasets to maximize visual fidelity and richly detailed 
scenes, associating prompts with contextually appropriate imagery, often imbuing subjects 
with subtle emotional cues [22]. When prompted for a subject, Veo 3.1 generates a 
high-fidelity image that already carries some meaning, effectively pre-loading the shot with 
context. The Kuleshov Effect, conversely, requires generating a shot that is purposefully 
devoid of explicit emotion—a "blank slate"—to allow the subsequent edit to define the 
meaning. The AI's inherent drive toward generating high-quality, fully realized scenes makes it 
difficult to produce footage that is intentionally "empty" or waiting for meaning to be supplied 
by the edit, thereby resisting the fundamental principle of montage theory [1]. 

 

B. The Intentional Flaw: The Jump Cut (Concept 18) 
 

The Jump Cut is a radical editing device that intentionally violates continuity rules, specifically 
the 30-Degree Rule, by cutting between two similar shots of the same subject [1, 10]. This 
creates an abrupt, jarring temporal rupture, used by the French New Wave to compress time, 
create frantic energy, or serve as a distancing effect [1]. 

www.ai-film.studio 
 

http://www.ai-film.studio


 
Veo 3.1’s architecture is fundamentally trained to achieve seamless coherence and artifact 
reduction [8]. This training optimizes for continuous flow and visual consistency across 
adjacent clips. The Jump Cut's power lies in its deliberate violation of the continuity the AI is 
designed to uphold. If a user attempts to generate a Jump Cut by prompting for two slightly 
different shots of the same subject (like in Godard’s Breathless [1]), Veo 3.1's internal 
continuity mechanisms, such as cross-shot feature propagation [8], will likely attempt to 
smooth the transition or align the content, thereby defeating the purpose of the jarring effect. 
Generating a successful Jump Cut requires the AI to consciously generate an "error"—a 
violation of spatial or temporal continuity that retains subject similarity—which demands a 
level of stylistic intent currently difficult to command precisely via a text prompt. 

 

C. Soundscape Control: Diegetic vs. Non-Diegetic Sound (Concept 
20) 
 

Film sound is categorized based on its source relative to the story's world (the diegesis) [1]. 
Diegetic sound (dialogue, sound effects from objects in the scene) is heard by the characters; 
Non-Diegetic sound (the musical score, omniscient voice-over) is heard only by the audience 
[1, 23]. The artistic power of sound design lies in the sophisticated interplay and blurring of 
these two categories. 

Veo 3.1 offers significant advancements in this area, providing "richer native audio, from 
natural conversations to synchronised sound effects" [3]. The model can generate audio that 
is applied to clips and their extensions [3], indicating improved capability for generating 
realistic diegetic sound. 

However, the critical cinematic technique of trans-diegetic blending—the transition where 
non-diegetic music or sound (like the score) is suddenly revealed to have a diegetic source 
(like a car radio) [1]—remains an external post-production task. While the model can generate 
sound effects, the creation of a sophisticated musical score (a non-diegetic element) that 
swells in intensity and then seamlessly transitions to an in-scene diegetic source requires 
meticulous control over separate audio layers and their mixing. Since the current model 
merges audio generation with the visual generation process [3], the precise, multi-layered 
control necessary for advanced sound bridges is not intrinsic to the generative API call and 
must be performed manually in external editing software. 

 

V. Summary of Veo 3.1 Technical Gaps and Future 
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Trajectories 
 

The analysis reveals that Veo 3.1, despite its technological prowess, is currently constrained by 
an architectural foundation that prioritizes the fidelity and local consistency of individual short 
clips over the deterministic, global control required for professional, multi-shot narrative. 

 

A. Veo 3.1 Architectural Capabilities Summary 
 

The following table summarizes the key capabilities of Veo 3.1 and their implications when 
measured against the stringent demands of the cinematic lexicon. 

Veo 3.1 Architectural Capabilities Summary 

Feature/Capability Veo 3.1 Status Implication for Cinematic 
Control 

Temporal Coherence / 
Object Permanence 

Improved within 5-8 
second clip duration [9]. 

Struggle with multi-shot 
narratives (Concepts 2, 3, 
14, 15). 

Native Audio Generation Supported (music and 
sound effects) [3]. 

Enhances realism and 
diegetic sound; 
non-diegetic blending still 
manual (Concept 20). 

Reference Input 
(Frames/Images) 

Supported (first/last frame, 
up to three ingredients) [3, 
5]. 

Aids visual consistency, but 
does not enforce 
geometric/spatial rules 
(Concepts 1, 4). 

Clip Length / Multi-shot 
Sequencing 

Typically 5–8 seconds, 
extendable via chaining [2, 
3]. 

Limits natural execution of 
long takes; exacerbates 
cross-shot continuity 
fracture (Concepts 3, 8, 14, 
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19). 

Quantitative Parameter 
Control 

Descriptive prompt-based; 
no explicit control over 
f-stop, lighting ratios, 3D 
vectors, or precise 
pitch/roll [16]. 

Prevents precise execution 
of effects like Dolly Zoom 
and controlled lighting 
(Concepts 6, 10). 

 

B. Mapping the Cinematic Lexicon to Veo 3.1’s Core Technical 
Challenges 
 

The detailed examination demonstrates that the failure to replicate cinematic concepts is not 
arbitrary but systematically linked to specific underlying architectural deficiencies within the 
generative model’s operational domain. 

Mapping the Cinematic Lexicon to Veo 3.1’s Core Technical Challenges 

Concept Filmmaking 
Domain 

Veo 3.1 Challenge Technical 
Limitation 

Mise-en-Scène (1) Directing/Visual 
Style 

Unreliable 
orchestration of 
symbolic elements. 

Lack of guaranteed 
hierarchical control 
over independent 
visual tokens. 

Actor Blocking (3) Directing/Choreogr
aphy 

Inconsistent spatial 
relationships and 
implied power 
dynamics. 

Poor 3D scene 
understanding and 
character pathing 
coherence. 

Deep Focus (8) Cinematography Inability to maintain 
simultaneous sharp 
focus 
(Foreground/Backg

Absence of explicit 
aperture/f-stop 
(depth of field) 
parameters [16]. 

www.ai-film.studio 
 

http://www.ai-film.studio


 

round). 

Dolly Zoom (10) Cinematography/M
ovement 

Technical 
impossibility of 
coordinating 
inverse zoom and 
dolly movements. 

Lack of 
quantitative, 
synchronized 
camera control 
vectors. 

180-Degree Rule 
(14) 

Editing/Continuity Frequent "jumping 
the line" in 
multi-shot 
dialogue. 

Fragile cross-shot 
spatial awareness 
and directional 
consistency 
propagation [8]. 

Kuleshov Effect (16) Editing/Montage Tendency to 
generate meaning 
within the shot, 
resisting semantic 
neutrality. 

Model prioritization 
of single-shot 
visual coherence 
over intentional 
juxtaposition. 

Diegetic Sound 
(20) 

Sound Design Difficulty 
controlling the 
transition and 
blending of 
in-world vs. score 
audio. 

Audio control 
operates primarily 
in a 
post-production 
layer, not during 
core video 
generation [3]. 

 

C. Conclusions and Recommendations 
 

The limitations identified indicate an Architectonic Gap: Veo 3.1 is currently built as an 
extremely sophisticated tool for visual aesthetics, but not yet as a deterministic cinematic 
control platform. Its core training prioritizes interpolation and consistency within a limited 
temporal window, which fundamentally resists the demands of long-form, multi-shot 
professional production where consistency, control, and intentional rupture (e.g., jump cuts) 
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are paramount. 

To progress toward truly generative AI filmmaking, the next generation of models (Veo 4.0 and 
beyond) must evolve from aesthetic generation toward deterministic simulation of real-world 
cinematic physics and 3D space. 

Recommendations for Future Development: 

1.​ Mandatory Cinematic Parameter Control: Future models must introduce an interface 
for explicit control over both intrinsic and extrinsic camera parameters [16]. Filmmakers 
need to command depth of field via f-stop, light intensity via measurable ratios, and 
camera movement via definable 3D vectors, rather than relying on descriptive, stochastic 
interpretations. This is the only way to enable precise execution of techniques like the 
Dolly Zoom (Concept 10) and Three-Point Lighting (Concept 6). 

2.​ Persistent Latent Scene Graph (Addressing Multi-Shot Coherence): To solve 
multi-shot issues (Concepts 2, 3, 14, 15), the model requires a persistent 3D spatial map 
of the scene, characters, and their relative positions across clip boundaries. This 
mechanism should treat character and spatial identity tokens as fixed anchors in the 
latent space, only allowing variations (expression, aging) as dictated by the storyline [8]. 
This would facilitate adherence to the 180-Degree Rule and enable complex, meaningful 
Actor Blocking. 

3.​ Integration of Generative Post-Production Logic: The model must be equipped with 
an awareness of the editing process. This includes incorporating modules that guide the 
AI in generating professional camera language and rhythm, potentially informed by 
simulated audience feedback [12]. This shift moves the focus from generating individual 
frames to orchestrating the entire narrative output, solving intentional stylistic violations 
(Concept 18) and abstract juxtaposition (Concept 16). 

For current expert users of Veo 3.1, compensating for these gaps requires adopting advanced, 
highly detailed prompt engineering techniques, rigorous use of reference image injection 
(Ingredients to Video) [5], and intensive manual intervention using Veo’s Flow editing tools 
(Insert, Remove) [3] to compensate for the AI's current lack of deterministic control over 
lighting and scene composition. 
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